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1. Research Problem

Previous studies (Juquelier et al., 2025; Casalo et al., 2025; Sao et al., 2025; Janson, 2023)
have largely focused on chatbot service interactions under successful conditions. Conversely,

their performance in service failure contexts—a critical yet underexplored scenario—

remains significantly neglected. Consequently, this research adopts an emotional perspective
on chatbots, with a specific focus on service failure environments. Current literature has ad-
dressed chatbot service recovery through two main lenses: some researchers examine differ-
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ential customer perceptions between self-service chatbot recovery and human-agent recov-

ery within Human-Al collaboration frameworks (Fan et al., 2023; Ruan & Mezei, 2022).

Others, driven by cost-effectiveness, focus on self-service recovery mechanisms, particularly
investigating how anthropomorphic (human-like) design influences customer perceptions

and behavioral intentions (Zhang et al., 2024; Xie et al., 2025; Zhang et al., 2025).

However, emotional expression—a core feature of anthropomorphism—remains underex-
plored in chatbot service recovery research. While limited studies have confirmed the positive
impact of emotional expression on customer experience and satisfaction, they primarily focus
on successful service encounters. There is insufficient attention given to emotional expression
strategies in service failure scenarios. Therefore, the current research addresses the impact of
chatbot emotional expressions on customer service recovery satisfaction.

Furthermore, this research examines the impact of emotional expressions on reducing expec-
tancy violations. Based on the review of previous literature (Xie et al., 2025; Shams et al.,
2024), results indicate that service failure severity influences emotional and behavioral re-
sponses, as well as perceptions of recovery efforts. Thus, this study explores the moderating
role of service failure severity in the relationship between chatbot emotional expressions and
recovery satisfaction, alongside the mediating roles of perceived empathy and trust.

Finally, there is a clear divergence in literature regarding the impact of chatbot identity dis-
closure. While Luo et al. (2019) found that disclosure could lead to negative perceptions,
Mozafari et al. (2021) discovered that in failure situations, disclosure helped customers un-
derstand the underlying causes, leading to more positive attitudes. Yet, these studies have not
addressed its significance regarding emotional expression. Accordingly, this research explores
the moderating role of identity disclosure in the relationship between emotional expressions
and both perceived empathy and trust. The research problem is formulated through the fol-
lowing questions:

o To what extent do chatbot emotional expressions affect customer service recovery
satisfaction?

o To what extent do chatbot emotional expressions influence expectancy violations?

« Do chatbot emotional expressions indirectly affect recovery satisfaction through ex-
pectancy violations?

« Do chatbot emotional expressions indirectly affect recovery satisfaction through per-
ceived empathy?

« Do chatbot emotional expressions indirectly affect recovery satisfaction through
trust?

e To what extent does identity disclosure moderate the positive impact of emotional
expressions on perceived empathy?

o To what extent does identity disclosure moderate the positive impact of emotional
expressions on trust?

o To what extent does service failure severity moderate the positive impact of emo-
tional expressions on service recovery satisfaction?

2. Research Objectives:

The research aims to achieve the following:
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e (2-1) To measure the impact of chatbot emotional expressions on service recovery
satisfaction.

e (2-2) To measure the impact of chatbot emotional expressions on expectancy viola-
tions.

e (2-3) To identify and measure the indirect effect of chatbot emotional expressions on
service recovery satisfaction through the mediating role of expectancy violations.

e (2-4) To identify and measure the indirect effect of chatbot emotional expressions on
service recovery satisfaction through the mediating role of perceived empathy.

e (2-5) To identify and measure the indirect effect of chatbot emotional expressions on
service recovery satisfaction through the mediating role of trust.

e (2-6) To identify and measure the moderating effect of identity disclosure on the re-
lationship between chatbot emotional expressions and perceived empathy.

e (2-7) To identify and measure the moderating effect of identity disclosure on the re-
lationship between chatbot emotional expressions and trust.

e (2-8) To identify and measure the moderating effect of service failure severity on
the relationship between chatbot emotional expressions and service recovery satisfac-
tion

3. Research Importance:

The significance of this research can be illustrated from both theoretical and
practical perspectives as follows:

3.1 Theoretical Significance:

e Theoretical Contribution: This research provides a significant theoretical contribution by
grounding its conceptual framework in several contemporary models: the Computers Are
Social Actors (CASA) paradigm, the Emotions as Social Information (EASI) theory, Ex-
pectancy Violations Theory (EVT), Expectation Disconfirmation Theory (EDT), and
Emotional Contagion Theory (ECT).

e Extending Existing Literature: The study serves as a scientific addition to previous litera-
ture on chatbot emotional expressions and chatbot service recovery. It uniquely investi-
gates the impact of emotional expressions on service recovery satisfaction by mitigating ex-
pectancy violations. Furthermore, it explores the moderating role of service failure severi-
ty and the mediating roles of perceived empathy and trust. It also addresses the moderat-
ing role of identity disclosure in the relationship between emotional expressions and both
empathy and trust, representing a comprehensive expansion of previous academic findings.

3.2 Practical Significance:

e Addressing Digital Expansion: The importance of this research stems from the rapid ex-
pansion of chatbots as interactive interfaces in digital service delivery, particularly in contexts
requiring immediate responses to service failures.

e Strategic Design Framework: The research provides a scientific framework that assists
service organizations in optimizing chatbot design. By integrating emotional expression
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strategies, organizations can enhance the effectiveness of service recovery mechanisms and
improve overall customer satisfaction.

4. Scope of the research:

¢ 4.1 Human Boundaries: The research was limited to users of digital platforms within the
sectors of (Telecommunications, Electronic Banking, E-commerce, and Digital Government
Services) during the research period.

e 4.2 Spatial Boundaries: The study focused on users of digital platforms operating within
the telecommunications, electronic banking, e-commerce, and digital government services
sectors.

¢ 4.3 Objective (Thematic) Boundaries: This research is confined to the following varia-

bles: Chatbot Emotional Expressions, Expectancy Violations, Service Recovery Satisfaction,
Service Failure Severity, Perceived Empathy, Trust, and Identity Disclosure.

5. Research Hypotheses:

¢ Hypothesis 1 (H1): Chatbot emotional expressions positively influence service recovery
satisfaction.

e Hypothesis 2 (H2): Chatbot emotional expressions influence expectancy violations.

e Hypothesis 3 (H3): Expectancy violations mediate the relationship between chatbot emo-
tional expressions and service recovery satisfaction.

e Hypothesis 4 (H4): Perceived empathy mediates the relationship between chatbot emo-
tional expressions and service recovery satisfaction.

e Hypothesis 5 (H5): Trust mediates the relationship between chatbot emotional expressions
and service recovery satisfaction.

e Hypothesis 6 (H6): Identity disclosure moderates the relationship between chatbot emo-
tional expressions and perceived empathy.

e Hypothesis 7 (H7): Identity disclosure moderates the relationship between chatbot emo-
tional expressions and trust.

e Hypothesis 8 (H8): Service failure severity moderates the relationship between chatbot
emotional expressions and service recovery satisfaction

6. Results:

¢ Results of Hypothesis 1 (H1): The findings revealed a significant positive impact of
Chatbot Emotional Expressions on Service Recovery Satisfaction. This aligns with (Chen
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et al., 2024; Juquelier et al., 2025). This result can be attributed to Affect Infusion Theory

and the CASA paradigm; when a service provider expresses care through emotional cues, it

generates a positive emotional state in the customer, leading to higher perceived satisfaction.

Thus, integrating emotional expressions is an effective strategy for enhancing customer expe-
rience during service recovery.

¢ Results of Hypothesis 2 (H2): The findings showed a negative effect of emotional expres-
sions on Expectancy Violations, meaning these expressions reduce the gap between expected
and perceived performance. This is consistent with (Rheu et al., 2024; Zhang et al., 2024).
According to Expectancy Violations Theory (EVT) and Self-Determination Theory
(SDT), customers have emotional expectations from chatbots; when these bots express empa-
thy, violations are minimized.

¢ Results of Hypothesis 3 (H3): Expectancy Violations mediate the relationship between
emotional expressions and service recovery satisfaction, aligning with (Zhang et al., 2024).
Based on EVT, SDT, and CASA, customers seek a sense of relatedness even with technolo-
gy. Meeting this emotional need reduces expectancy violations, which in turn positively influ-
ences satisfaction.

¢ Results of Hypothesis 4 (H4): Perceived Empathy mediates the relationship between
chatbot emotional expressions and recovery satisfaction, consistent with (Xie et al., 2025;
Haupt et al., 2023). According to Emotional Contagion Theory (ECT), individuals per-
ceive others' emotions and produce similar responses. Emotional expressions trigger customer
empathy, leading to higher satisfaction as customers treat the chatbot as a social actor.

¢ Results of Hypothesis 5 (H5): Trust mediates the relationship between emotional expres-
sions and recovery satisfaction, aligning with (Yan et al., 2025; Pezenka et al., 2024). Ac-
cording to Emotions as Social Information (EASI) Theory, inferential processes involve
making judgments based on others' emotional cues. This underscores the role of emotional
communication in building trust, which significantly enhances satisfaction.

e Results of Hypothesis 6 (H6): Identity Disclosure moderates the relationship between
emotional expressions and perceived empathy, consistent with (Fan et al., 2023). According
to EVT, positive violations (exceeding expectations) occur when a disclosed chatbot uses
emotional expressions, triggering strong empathetic responses. In contrast, in non-disclosure
cases, emotional expressions may not create significant differences, as customers may already
assume human-like capabilities. This differs from (Luo et al., 2019), who associated disclo-
sure with negative perceptions.

o Results of Hypothesis 7 (H7): Identity Disclosure moderates the relationship between
emotional expressions and trust, aligning with (Yan et al., 2025). Under the disclosure con-
dition, exceeding customer expectations through emotional cues fosters trust via inferential
processes (EASI Theory). Without disclosure, these expressions may be perceived as stand-
ard, failing to significantly impact perceived trust.

¢ Results of Hypothesis 8 (H8): Service Failure Severity moderates the relationship be-
tween emotional expressions and recovery satisfaction, consistent with (Xie et al., 2025;
Shams et al., 2024). According to Cognitive Appraisal Theory (CAT), customers evaluate
failure intensity; minor failures are often tolerated, and emotional recovery is effective. How-
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ever, in severe failures, the "zone of tolerance” narrows, and emotional strategies alone may
be insufficient to meet customer expectations and regain satisfaction.

7. Recommendations

Based on the findings, the following recommendations are provided to benefit chatbot devel-
opers, corporations, marketing teams, and managers:

Integrating Emotional Intelligence into Design: Developers should embed emotion-
al intelligence (EI) elements during the design and training phases of chatbots. This
includes developing emotional expression templates that align with both customer
emotional needs and brand identity. Furthermore, it is essential to test emotional pro-
tocols across various scenarios and utilize multimodal data (text, voice, emojis) for
model training. Implementing dynamic adjustment mechanisms will allow emotional
protocols to adapt to service failure contexts, thereby enhancing perceived sincerity
and continuance intention.

Systematic Performance Audits: Marketing teams should conduct periodic reviews
of chatbot response effectiveness through a systematic analysis of customer feedback
data. This process enables the identification of variances in customer responses to
emotional strategies during service failures, allowing for data-driven refinements.
Ethical Guidelines and Transparency: Organizations must establish ethical guide-
lines to enhance chatbot transparency by ensuring a strong link between emotional ex-
pressions and tangible solutions. This should include implementing mandatory identi-
ty disclosure protocols to clarify the non-human nature of chatbots and their func-
tional limitations. Such transparency helps mitigate customer overestimation of Al ca-
pabilities while fostering realistic service expectations.
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